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Abstract: This qualitative study examines how generative artificial intelligence is being integrated into university ideological
and political education (IPE) in China and delineates the conditions under which its instrumental rationality reaches its
practical limits. We conducted semi-structured interviews with 17 instructors from five universities in Chongqing (45-120
minutes, in Chinese), audio-recorded, transcribed verbatim, and analyzed using reflexive thematic analysis (RTA). Sampling
and stopping were guided by information power; we judged data adequacy when the developing patterns were sufficiently
rich and useful for the research questions. NVivo 12 supported data management. We identified three themes: attenuation
of affective and faith dimensions; content complexity and the limits of Al understanding; and insufficiency of high-quality,
compliant training data. Building on these findings, we propose an integration framework that aligns classroom practice with
platform support and institutional governance, and we formulate actionable recommendations for policymakers, universities,
and instructors.
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Introduction

The deep integration of artificial intelligence (AI) into university-level ideological and political education (IPE) is both an
imperative of the era and an intrinsic requirement of educational governance. At the policy level, the 2019 Opinions on
Deepening the Reform and Innovation of Ideological and Political Theory Courses in the New Era explicitly call for applying
Al and other modern information technologies in IPE, thereby providing direction and impetus for an updated instructional
paradigm. In line with this mandate, a transition from traditional models to an Al-driven paradigm has been framed as both
necessary and consequential, with the stated goal of enhancing the ideological and theoretical depth, affinity, and relevance
of courses so that reasoning becomes more compelling, confusion is dispelled, and learning is both engaging and convincing
to students (General Office of the CPC Central Committee & General Office of the State Council, 2019). In practice, the
integration of Al into IPE has emerged as a salient direction for teaching reform, underpinned by institutional efforts to build
smart platforms, pilot innovative teaching, and redesign assessment, trends that are broadly consistent with international

syntheses on Al’s role in higher education (Selwyn, 2019; Zawacki-Richter et al., 2019). At a more macro level, national
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strategies such as the New Generation Artificial Intelligence Development Plan and China’s Education Modernization 2035
signal a combined era-driven and policy-driven momentum, emphasizing the use of intelligent systems to reshape educational
provision and governance. Collectively, these initiatives offer dual institutional and technological safeguards for improving
the quality and efficiency of IPE in the context of digital transformation (Central Committee of the Communist Party of China
& State Council, 2019; State Council of the People’s Republic of China, 2017).

From the standpoint of feasibility and implementation, artificial intelligence (Al) can provide systemic support for IPE
through three complementary mechanisms: embedding across instructional processes, scenario-based applications, and robust
technical infrastructure. Drawing on large scale educational data and algorithmic modeling, institutions can develop digital
learner profiles that link tasks with content, offer personalized learning pathways for students, and generate data-informed
recommendations for instructors (Ferguson, 2012; Luckin, Holmes, Griffiths, & Forcier, 2016; Zawacki-Richter, Marin,
Bond, & Gouverneur, 2019). These capabilities can facilitate whole process and whole cycle enhancement of teaching and
assessment, while strengthening teachers’ instructional agency and broadening students’ autonomy with respect to time,
place, and access to resources (Selwyn, 2019; UNESCO, 2021). At the operational level, principles for intelligent pedagogy,
learning resources, and evaluation are increasingly well specified in the research literature and in policy guidance (UNESCO,
2021; Zawacki-Richter et al., 2019). Learning analytics enable continuous diagnostic tracking and personalization (Ferguson,
2012). Curriculum aligned digital repositories and analytics platforms support evidence based design and iterative improve-
ment (Zawacki-Richter et al., 2019). Large scale models can be deployed for formative and process-oriented evaluation with
near real time feedback, provided their use remains aligned with curricular standards and pedagogical goals (Selwyn, 2019;
UNESCO, 2021).

However, embedded applications also entail structural risks and context specific challenges. Algorithmic distribution in online
environments may reduce the reach of mainstream discourse, intensify risks associated with ideological identification, and
weaken value guidance, as research on platform curation and political exposure has shown (Bakshy, Messing, & Adamic,
2015; Bail et al., 2018). Related problems include the dilution of teachers’ authority and discursive leadership, the erosion
of learner agency, and the emergence of data privacy and algorithmic bias concerns in educational settings (Mittelstadt,
Allo, Taddeo, Wachter, & Floridi, 2016; Selwyn, 2019; Slade & Prinsloo, 2013). At the classroom level, clogged channels
of information sharing, the influence of online subcultures that attenuate the authority of mainstream ideology, and the frag-
mentation between online and offline learning contexts further amplify mismatches between instructional supply and learner
demand, leading to imbalances in interaction and participation (Garrison & Kanuka, 2004; Garrison, Anderson, & Archer,
2000; Selwyn, 2019). In addition, current initiatives reveal application gaps, including smart systems that do not translate
into genuinely intelligent pedagogy, interactive features that do not yield authentic dialogue, and incomplete data coverage.
These gaps coincide with compounded ethical and governance challenges related to privacy protection, algorithmic bias, and
technological dependence, indicating that the integration of Al remains in a critical transition from pilot to scale and requires
stronger guidance and safeguards (Mittelstadt et al., 2016; OECD, 2021; UNESCO, 2021).

Grounded in this context, the present study examines the challenges and responses associated with integrating artificial
intelligence into IPE and seeks to address a critical gap through an empirical lens. On the one hand, bibliometric and review
evidence indicates that research on Al in education is expanding rapidly yet remains fragmented, with limited consolidation
of core author groups and institutional collaborations and with a persistent imbalance between technical development and
pedagogical inquiry (Zawacki-Richter et al., 2019). On the other hand, existing scholarship frequently privileges descriptive
or conceptual discussion while providing insufficient classroom-based evidence and process data, which underscores the need
for mixed method and cross disciplinary approaches that can connect design, implementation, and evaluation in authentic
settings (Roll & Wylie, 2016; UNESCO, 2021). The literature has also called for rigorous examination of the actual effects
of Al in teaching and learning in order to assess benefits and risks in a transparent and comparable manner and to narrow
the gap between theory and practice (UNESCO, 2021; Zawacki-Richter et al., 2019). Responding to these needs, this
article investigates the experiences of 17 university IPE instructors and employs RTA to identify salient problems, elucidate

underlying mechanisms, and propose actionable strategies, thereby generating evidence that is both verifiable and transferable
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for the prudent integration of Al and for the high quality development of IPE (Braun & Clarke, 2006; Braun & Clarke, 2019).
Methods

This qualitative study was conducted in Chongqing, China. It examined university instructors of ideological and political
theory courses, focusing on their lived experiences of integrating generative artificial intelligence into teaching and
assessment, and on their views of Al’s roles and limits in value guidance, instructional organization and assessment redesign.
Prior to data collection, ethical approval was obtained from the authors’ institution, and all procedures adhered to recognized
research-ethics and data-protection requirements.

Recruitment information was disseminated via teaching and research offices responsible for ideological and political
theory courses and through departmental academic-affairs channels at five universities. Instructors who expressed interest
were referred by office contacts to the research team, which then scheduled interviews at mutually convenient times and
locations. Written informed consent was obtained before each interview; participants were informed about audio recording,
de-identification and intended uses of the data. A combination of purposive and snowball sampling was employed, yielding
a final sample of 17 eligible instructors (eight lecturers, six at the rank of associate professor or above, and three teaching
assistants). All had, within the previous year, either engaged with or explicitly refrained from using generative Al in lesson
preparation, classroom instruction or course assessment, and collectively they covered the principal course modules,
including Ideological and Moral Cultivation and the Rule of Law, Mao Zedong Thought and the Theoretical System of
Socialism with Chinese Characteristics, Outline of Modern Chinese History and Situation and Policy. Inclusion criteria were:
(1) current responsibility for teaching ideological and political theory courses at a university; (2) documented engagement
with, instructional use of, or explicit refusal to use generative Al within the previous year; and (3) provision of written
informed consent, including agreement to audio recording. Sampling and stopping were guided by information power;
recruitment ceased when data adequacy was reached—i.e., when developing patterns were sufficiently rich and useful for
the research questions. After the fifteenth interview, the marginal emergence of new codes declined, and by the seventeenth
interview the thematic structure had stabilised.

All interviews were conducted by the first author using a semi-structured guide, in Chinese, either in on-campus meeting
rooms or via an approved encrypted videoconferencing platform; each session lasted 45—-120 minutes. The interview
guide was informed by a prior literature review and policy documents. It began with basic demographic and professional
information and proceeded to open-ended prompts covering: overall views of Al and the most recent episode of use or
deliberate non-use; understandings and classroom enactment of boundaries regarding what is permitted, what requires
disclosure and what is prohibited; task design following the introduction of Al and requirements for process evidence
(e.g., prompts, conversational excerpts, version comparisons, reflective journals); strategies for guarding against factual
hallucinations and bias, and for handling sensitive topics; conditions for platform access and resources (e.g., institutional
accounts, concurrency and bandwidth, logging and student profiling); and organizational supports together with professional-
development needs. With permission, interviews were audio-recorded in full and transcribed verbatim; transcripts were de-
identified prior to analysis to protect confidentiality.

Data were analyzed using RTA following the six phases (Braun & Clarke, 2006, 2019): (1) familiarization with verbatim
transcripts alongside analytic memoing; (2) generating initial codes across the semantic—latent continuum, applied line by line
by the first author; (3) collating conceptually related codes into candidate subthemes and early theme clusters, accompanied
by a preliminary thematic map; (4) reviewing extracts, codes and themes for internal coherence and boundary clarity,
consolidating overlaps and retiring weakly evidenced candidates while returning to the corpus to check representativeness; (5)
defining and naming stabilized themes with attention to mechanisms and potential transferability, supported by anonymized
illustrative quotations; and (6) producing the analytic narrative in alignment with the research questions. NVivo 12 supported
data management and queries.

Rigour was supported through reflexive memoing; an audit trail (interview-guide versions, coding records, thematic maps,
decision memos); and peer debriefing with a second researcher to achieve negotiated coherence on coding boundaries

and thematic logic. We also invited limited participant consultation by sending one-page theme summaries to a subset of
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participants to consider the resonance of interpretations, without positioning participants as arbiters of analytic correctness.
Researcher positionality and reflexivity. The first author is a university instructor-researcher with professional engagement
in ideological and political education and an interest in how generative Al mediates curricular aims. This proximity afforded
contextual and theoretical sensitivity but also the risk of interpretive over-familiarity. To manage this, reflexive memos
documented assumptions, moments of surprise and shifts in interpretation across design, analysis and write-up; alternative
readings were explored during peer debriefing; and disconfirming evidence was actively sought in the corpus. These
procedures emphasized transparency and interpretive responsibility consistent with the RTA paradigm.

Iterative analysis yielded three themes: (1) attenuation of affective and faith dimensions; (2) content complexity and the
limits of Al understanding; and (3) insufficiency of high-quality, compliant training data. Their scope, evidentiary bases and

interrelations are detailed in the Findings.

Findings

Demographic characteristics

Among the 17 university instructors of ideological and political education included in this study (see Table 1), 13 were female
and 4 were male. Eight held the rank of lecturer, six were at associate professor level or above, and three were teaching
assistants. Participants ranged in age from 27 to 57 years. With respect to course responsibilities, two taught Ideological—
Moral Cultivation and Legal Foundations, four taught Introduction to Mao Zedong Thought and the Theoretical System of
Socialism with Chinese Characteristics, three taught Outline of Modern Chinese History, five taught Current Affairs and
Policies, and three taught Introduction to Xi Jinping Thought on Socialism with Chinese Characteristics for a New Era. Years
engaged in ideological and political education ranged from 3 to 21.

Table 1: Social demography of participants (n = 17)

. . Years in IPE
ID | Gender | Age(years) | Academic Rank Primary Course Taught Teaching
Associate professor . ..
TO1 | Female 57 Current Affairs and Policies 4
or above
T02 | Female 41 Associate professor Outline of Modern Chinese History 3
or above
TO3 | Female 46 Lecturer Ideological-Moral Cultivation and Legal Foundations 10
T04 | Female 42 Lecturer Current Affairs and Policies 21
To5 | Male 33 Teaching assistant Introduction to Maf) Zedong Thou.ght and the Thejor.etlcal Sys- 12
tem of Socialism with Chinese Characteristics
To6| Male 33 Lecturer Introduction to Xi Jinping _Thought on Socialism with Chinese 7
Characteristics for a New Era
To7| Male 51 Lecturer Introduction to Xi Jinping .Tkllought on Socialism with Chinese 3
Characteristics for a New Era
TO8 | Female 30 Teaching assistant Current Affairs and Policies 4
T09 | Female 53 Associate professor Outline of Modern Chinese History 10
or above
T10 | Female 3 Lecturer Introduction to Xi J mpmg‘T}.lought on Socialism with Chinese 4
Characteristics for a New Era
T11 | Female 27 Teaching assistant Ideological-Moral Cultivation and Legal Foundations 4
T12 | Female 41 Associate professor |Introduction to Mag Zedong Thou.ght and the The.or.etlcal Sys- 9
or above tem of Socialism with Chinese Characteristics
Associate professor . ..
T13| Male 43 Current Affairs and Policies 21
or above
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. . Years in IPE
ID | Gender | Age(years) | Academic Rank Primary Course Taught Teaching
Introduction to Mao Zedong Thought and the Theoretical Sys-
T14 | Female 33 Lecturer tem of Socialism with Chinese Characteristics 12
T15 | Female 34 Associate professor | Introduction to MaQ Zedong Thoqght and the The?or.etlcal Sys- 6
or above tem of Socialism with Chinese Characteristics
T16 | Female 40 Lecturer Outline of Modern Chinese History 7
T17 | Female 50 Lecturer Current Affairs and Policies 9
Thematic findings

This study identified three themes from the interview data: (1) the attenuation of affective and faith dimensions; (2) the
complexity of substantive content and the limits of Al understanding; and (3) the scarcity of high-quality and compliant
training data.

Theme 1: Attenuation of Affective and Faith Dimensions

Based on an in-depth analysis of interviews with 17 university instructors of ideological and political education, the
application of generative artificial intelligence in classroom practice appears to produce a marked decoupling among
cognition, emotion, and values. Most participants acknowledged the efficiency of artificial intelligence for presenting
structured knowledge. At the same time, they described an educational gap that technology cannot close in the key moments
of affective resonance, value guidance, and the formation of convictions. This finding aligns with the pedagogical expectation
that ideological and political education should educate through persons and move through emotion. Digital tools may support
making the logic clear at the cognitive level, but they are unlikely to accomplish reaching the heart at the level of value
formation. The literature likewise cautions that integrating artificial intelligence into education should not reduce complex
moral and civic formation to computable procedures, which risks marginalizing affective and value related work.

First, participants consistently reported that artificial intelligence cannot substitute for the teacher’s embodied presence and
context sensitive ethical judgment during interaction. Sensitivity to students’ emotional states, careful handling of sensitive
topics, and role modelling through words and deeds were described as necessary conditions for the internalisation of values.
Such context bound commitments cannot be replaced by models that rely on statistical association.

Al can help me clarify the structure, but the emotional turning points and value hesitations still need to be caught by my gaze,
pauses, and follow up questions in class. (T03)

When value conflicts arise, I have to judge the appropriate tone and boundaries on the spot. This is not a responsibility a
model can assume in real time. (T14)

Second, the affective bridge from emotional resonance to rational endorsement is difficult to construct through artificial
intelligence alone. Instructors widely regarded storytelling and personal reflection as pivotal narrative practices that connect
affect and reason. Although artificial intelligence can supply background materials, it shows a distinctly nonhuman character
in narrative vitality, emotional immersion, and real time responsiveness to the classroom climate.

Al speaks smoothly, but it lacks the human touch. The same case, when narrated by a person, carries a persuasive force that
can light up students’ eyes. (T07)

Immersive experiences supported by Al can spark emotions, but if they are not guided toward sound value judgments and
historically grounded positions, the excitement becomes emotional movement without effect. (T11)

In addition, the surrounding algorithmic environment may erode the ecological basis for affective resonance even before
teaching begins. Some instructors worried that prolonged exposure to platform recommendations creates information cocoons
that narrow the breadth of students’ intake and consolidate preexisting beliefs. This not only weakens the reach of mainstream
values but also reduces the common vocabulary available for classroom discussion, thereby making it harder to build
emotional connection and value consensus.

If students live in a recommendation driven comfort zone for too long, the common language in the classroom becomes
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scarcer, and emotional connection is more difficult to establish. (T05)

A further concern is that platform-oriented quantification can crowd out essential emotional labour. A number of participants
observed that an emphasis on process data and visible interaction counts tends to shift effort toward what is easily measured,
while undervaluing forms of labor that are crucial for value formation yet resistant to quantification, such as one to one
conversations and context specific reflection.

The platform values logs and the number of interactions, so I tend to devote time to activities that leave traces in the system.
Heart to heart conversations are vital, but they are difficult to quantify. (T02)

Theme 2: Complexity of Content and Limits of Al Understanding

Another core finding is that participants frequently identified a tension between the intrinsic complexity of political theory
and the limited semantic capacities of artificial intelligence. Most instructors emphasized that the Marxist and Chinese
socialist theoretical frameworks taught in ideological and political education constitute an integrated system that combines
dialectical reasoning, historical development, and high sensitivity to context rather than a static set of definitions. Although
Al can rapidly generate text that appears correct, it often exhibits excessive simplification, temporal and contextual
misalignment, and arbitrary recombination when interpreting key concepts, tracing historical evolution, and capturing subtle
discursive nuances. This finding aligns with the course principles of teaching in depth, with clarity and vitality, and with
the unity of ideological orientation and scholarly rigor, which together require that knowledge construction be grounded in
coherent theoretical reasoning rather than surface level aggregation of information.

In the interviews, instructors repeatedly noted that the historical development and contextual variation of core categories are
frequent sources of distortion in Al generated content. Especially, Al models tended to splice discourse drawn from different
historical periods or match terms to the wrong context:

Emphasis for the same term varies across historical junctures. Sometimes Al blends the discourse of the 1950s with
contemporary policy language. (T06)

For instance, it tends to reduce “new quality productive forces” to technical productivity, which obscures the accompanying
reconfiguration of production relations and the mechanisms of factor allocation. (T04)

In addition, instructors reported that chains of reasoning associated with dialectical logic are often reduced to binary, low
tension treatments by Al. Several noted that when handling complex arguments such as the unity of opposites or the negation
of the negation, models tended to compress dynamic, stage specific contradictions into static yes or no judgments, creating a
line of reasoning that appears smooth but is in fact distorted:

It turns contradictions directly into choices, without the necessary historical and practical scaffolding. Students may feel that
“the reasoning sounds right” but do not understand why it should be articulated in this way here and now. (T15)

Theme 3: Shortage of high-quality and compliant training data

Moreover, the integration of artificial intelligence into teaching ideological and political education faces a threefold bottleneck
involving data, corpora, and compliance. The core tension is as follows. On the one hand, the theoretical system carried
by these courses is highly disciplinary, holistic, and time sensitive, which imposes stringent requirements on the authority,
accuracy, and traceability of teaching content. On the other hand, the Chinese language training corpora currently available
for large Al models are marked by uneven quality, heterogeneous sources, and limited transparency in review processes. This
state of corpus provision stands in structural tension with the normativity, unity, and ideological attributes of ideological and
political education. Participants therefore generally held that without a high-quality, compliant, and authoritative Chinese
corpus to anchor generation and inference, Al cannot meet the pedagogical requirement to teach in depth, with clarity, and
with vitality.

This fundamental tension translates directly into a crisis of credibility and authority in classroom practice. Several instructors
pointed out that the heterogeneity of corpora across platforms produces inconsistency in knowledge outputs and makes value
orientation difficult to control. For example,

Different platforms provide two even opposite answers to the same theoretical question. It is difficult for me to convince

students that Al is accurate. (T0S8)
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What I fear most is content with no citation or outdated wording appearing in students’ work. It looks polished, but once I ask
for the source it falls apart. (T09)

For Al to support ideological and political education, rules and content supply must be aligned with the principle that
ideological orientation and scholarly rigor remain unified. At the same time, the use of data must be strictly regulated within
the legal and institutional framework to prevent information leakage and misuse. As participant noted:

There is no university-wide corpus for Al at present. Everyone uses different platforms with different data sources, so the risk
points are not the same. (T04)

What we fear most is inconsistency between Al formulations and textbook descriptions. (T06)

Participants widely agreed that any model genuinely suited to political education in Chinese universities must be supported by
a large scale, authoritative, rigorously reviewed, and continuously updated corpus. Building such a domain specific resource
is essential, yet it currently faces substantial structural challenges of cost and complexity. As one instructor explained:

The human and financial resources needed to build such a model are beyond what a single university, or even several

universities together, can address at this stage. (T17)

Discussion

Drawing on RTA of the interview materials, this study identifies three interlocking tensions that delineate the performance
boundary of artificial intelligence as a form of “instrumental rationality” in university ideological and political education.
First, there is an educative gap in the affective and conviction dimension. Although artificial intelligence can markedly
increase the efficiency of knowledge transmission, the core process of value internalization, which rests on a chain of
interaction grounded in trust, emotional resonance, and value commitment, continues to depend on the teacher’s embodied
presence and personal guidance. Excessive proceduralization and reliance on metrics risk reducing classroom practice to a
merely computable process and marginalizing humanistic work such as care and the cultivation of conviction. This finding
converges with scholarship that emphasizes educating through human relationships and affect, and underscores the need
to position artificial intelligence as an assistant rather than a substitute. Second, there is a mismatch between theoretical
complexity and generative mechanisms. The dialectical, historical, and context sensitive character of political theory sits in
structural tension with generation based on statistical association, which makes artificial intelligence prone to conceptual
simplification, temporal misalignment, and compression of reasoning chains. This observation echoes the pedagogical
requirement to teach in depth, with clarity and vitality, and reaffirms that the unity of ideological orientation and scholarly
rigor must be grounded in coherent theoretical support and an integrated logic. Third, there is a foundational constraint
related to high quality and compliant corpora. Whether artificial intelligence can deliver accurate and stable outputs in this
high stakes domain depends on the quality and compliance of its training data. The current heterogeneity of platforms and
weak review pipelines directly introduce instructional risks and may erode classroom credibility and value guidance. Taken
together, these results suggest that artificial intelligence in this domain should be understood as an amplifier of instrumental
tasks that optimizes organization and presentation, but cannot by itself generate the value laden and humanistic outcomes
that education seeks. Effective integration therefore requires a triadic anchor of teacher leadership, theoretical grounding, and
compliance safeguards, in order to avoid the datafication, fragmentation, and decontextualization of a complex theoretical
system.

The findings not only corroborate prevailing calls to move from isolated applications toward comprehensive enablement in
educational uses of artificial intelligence, but also clarify the internal logic that such a shift requires. A pathway of holistic
enablement must proceed in a coordinated manner across classroom practice, scholarly construction, and governance. At
the classroom level, the priority is to preserve the irreplaceable work of affect and conviction; immersive and interactive
experiences supported by artificial intelligence yield durable value only when teacher guidance and value clarification are
present, which is consistent with evidence that education depends on human relationships and purpose rather than technical
delivery alone (Biesta, 2009; Selwyn, 2019). At the level of scholarly construction, it is necessary to move beyond statistical
association and to re-anchor instruction in the dialectical and historical specificity of theory. This requires designs that use

controlled vocabularies, temporal mapping, and cross textual comparison to counter models’ tendencies toward conceptual
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simplification and compressed chains of reasoning, a pattern well documented in research on hallucination and brittle
reasoning in large language models (Bender et al., 2021; Ji et al., 2023). At the level of governance, capacity rests on building
authoritative and compliant corpora together with mechanisms that enable retrieval augmented generation and verifiable
citation, supported by transparency instruments such as datasheets for datasets and model cards, as well as privacy protection
and auditability in educational contexts (Lewis et al., 2020; Gebru et al., 2021; Mitchell et al., 2019; Slade & Prinsloo,
2013; UNESCO, 2021). Without a curated whitelist knowledge base, retrieval augmentation, and citation binding, platform
applications struggle to ensure content quality and remain vulnerable to drift in canonical formulations that can dilute the
effectiveness of mainstream discourse (UNESCO, 2021; OECD, 2021).

In sum, to advance responsible integration of artificial intelligence in university ideological and political education,
coordinated action is required across government, institutions, and classrooms. Government should promulgate domain-
specific standards for data governance, privacy, and algorithmic accountability; fund an authoritative, continuously updated
Chinese corpus aligned with curricular standards and vetted for ideological and scholarly integrity; and institute certification
and periodic auditing of educational models and platforms. Universities should translate national guidance into enforceable
rules by defining permitted, disclosure-required, and prohibited uses; establishing a curated, pre-approved knowledge base
connected to retrieval and citation verification services; and implementing access control, logging, and incident reporting.
Faculty development should prioritize algorithmic literacy, prompt design, supervision of student use, and assessment
integrity, supported by toolkits such as controlled vocabularies, historical timelines, and cross-text comparison templates.
Instructors should retain leadership in value guidance and theoretical interpretation while using artificial intelligence for
organization, presentation, and feedback. Recommended practices include requiring process evidence, such as prompts,
dialogue excerpts, version histories, and reflective notes; aligning generated materials with course glossaries and historical
sequences; using cross-text triangulation to prevent conceptual simplification or temporal misalignment; explicitly teaching
about recommendation mechanisms and bias; and converting immersive resources into value-oriented dialogue through
guided questioning and brief oral defenses.

Naturally, this study has limitations. First, the sample was drawn from five universities in Chongqing, China, which may
limit the geographic and institutional representativeness of the findings. Second, the study relied primarily on instructor
interviews and did not include systematic classroom observations or process data on student learning. Future research should
proceed in three directions: conducting comparative case studies across multiple regions and institutional types to test the
generalizability of the conclusions; integrating classroom process data with evidence chains from student work and employing
quasi experimental or quantitative designs to evaluate the effects of the proposed pedagogy on higher order thinking and
academic integrity; and implementing instructional interventions that use a curated, institutionally approved knowledge base
together with retrieval augmented generation to estimate causal effects on the quality and stability of Al generated content.
These efforts would help validate and refine the proposed integration framework centered on teacher leadership, theoretical

grounding, and compliance safeguards, and would support a shift from isolated pilots to genuine system level enablement.

Conclusion

Drawing on RTA of interviews with 17 ideological and political education instructors from five universities in Chonggqing,
this study identifies three structural tensions that delineate the limits of integrating generative artificial intelligence into this
domain. First, although artificial intelligence can markedly improve the integration and presentation of knowledge, it cannot
assume the core educative work grounded in trust, empathy, and value commitment, and proceduralized, metric driven
practices risk marginalizing affective and conviction oriented dimensions of teaching. Second, the dialectical logic, historical
framing, and contextual complexity of political theory are not well matched to statistical text generation, which fosters
conceptual simplification, temporal misalignment, and compressed chains of reasoning, thereby weakening the theoretical
foundations required to teach in depth, with clarity and with vitality. Third, the absence of large scale, authoritative, audited,
and traceable Chinese corpora and corresponding compliance mechanisms generates instructional risks such as inconsistent
answers to the same question and unattributed patching, which can erode classroom credibility. In response, the study

proposes a system integration framework that positions artificial intelligence appropriately through teacher leadership,
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theoretical grounding, and compliance safeguards. On the institutional side, the framework calls for a curated whitelist
knowledge base, retrieval augmented generation with citation binding, and mechanisms for logging, audit, and algorithmic
transparency. On the pedagogical side, it recommends a human—AlI collaboration chain that spans problem definition,
prompt design, collaborative content development, fact verification, and reflective consolidation, together with a formative
assessment system that draws on version comparison, oral explication, and reflective journals. On the capability side, it
emphasizes controlled vocabularies, course outlines, and historical timelines to align concepts precisely and locate them in
context, supported by communities of practice and model courses that disseminate reusable templates. In sum, the proper role
of artificial intelligence is to amplify the instrumental tasks of exposition and organization rather than to replace the human
core of education; only through the coordination of classroom practice, platform support, and institutional governance can

technical potential be translated into high quality learning outcomes and credible value formation.
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